Whether basal metabolic rate-body mass scaling relationships have a single exponent is highly discussed, and also the correct statistical model to establish relationships.
While some studies support that metabolic rate scales in proportion to BM ⅔ (Heusner, 1991; Rubner, 1883; White & Seymour, 2003) , others reject the ⅔ exponent. The latter studies suggest an exponent of ¾ (Brown, Gillooly, Allen, Savage, & West, 2004; Kleiber, 1932; Savage et al., 2004) or that the exponent varies between taxa and depends on physiology, environment and taxonomy (Glazier, 2005; McNab, 2008 McNab, , 2009 Sieg et al., 2009; White, 2010; White, Phillips, & Seymour, 2006) .
Within the field of ecology, interest in metabolic scaling has increased greatly during the last decade due to the Metabolic Theory of Ecology (MTE; Brown et al., 2004) . The MTE relies on a general ¾ power scaling of resting (basal) metabolic rate with body mass. It utilizes an Arrhenius approach to model differences in metabolic rates of similar-sized species that result from temperature effects on underlying biochemical reactions. The MTE provides a mechanistic theory for a quarter-power scaling-the West, Brown and Enquist resource distribution network model (WBE; West, Brown, & Enquist, 1997)-and links the metabolic rate of organisms to their biology and the ecology of populations, communities and even ecosystems.
In the context of the MTE, Kolokotrones, Savage, Deeds, and Fontana (2010) reported a convex curvilinear metabolic scaling for mammals (log-log plot), and thus an increasing scaling exponent with increasing body mass. This pattern was corroborated by other authors (Capellini, Venditti, & Barton, 2010; Clarke, Rothery, & Isaac, 2010; Isaac & Carbone, 2010; Müller et al., 2012) . Kolokotrones et al. (2010) argued that the curvature resolves the controversy surrounding the scaling exponent (¾ vs. ⅔ power) for mammals, that the curvature demands a modification of the WBE, and that the curvature explains the upper limit of animal body mass in mammals (the blue whale).
Several authors have demonstrated differences in basal metabolic rates of mammals at the level of single orders (Capellini et al., 2010; Clarke et al., 2010; Hayssen & Lacy, 1985; Isaac & Carbone, 2010; McNab, 2008; White & Seymour, 2004) and at higher taxonomic levels (Duncan, Forsyth, & Hone, 2007; Müller et al., 2012; Sieg et al., 2009) .
Orders dominated by larger species have larger scaling exponents than orders dominated by smaller species (Clarke et al., 2010; Duncan et al., 2007; Glazier, 2005) . The majority of studies on metabolic scaling in mammalian taxa mainly focused on the variability seen in scaling exponents, whereas the variability in normalization constants was often ignored (but see Duncan et al., 2007; Sieg et al., 2009; Isaac & Carbone, 2010) . Statistical approaches used to assess differences in scaling exponents of mammalian orders considerably differ between studies, making a quantitative comparison of scaling relationships found problematic. For example, authors used ordinary least squares regression analysis (e.g., Hayssen & Lacy, 1985; White & Seymour, 2004) , applied regression analysis without fully correcting for a shared evolutionary history of species (e.g., McNab, 2008) , used phylogenetically informed regression analysis (e.g., Clarke et al., 2010; Sieg et al., 2009; White, 2011; White, Blackburn, & Seymour, 2009) , applied ANCOVA (e.g., McNab, 2008) , or used linear mixed-effect models to assess differences between orders (e.g., Isaac & Carbone, 2010) . To the best of our knowledge, only one study exists that simultaneously corrects for phylogeny and body temperature at the order level and studies a broader taxonomic range in mammals (Clarke et al., 2010) . The most important reason given by authors for ignoring the shared evolutionary history of species is that physiological "performance" characteristics of species such as metabolism have been repeatedly described as sensitive to environmental conditions (e.g., food availability and quality, climate, altitude, an island or continental distribution, the use of torpor and rate of reproduction; for a summary, see McNab, 2012 ) and thus do not reflect ancestral relationships. The pattern that and how basal metabolic rate, body temperature and body mass correlate in all mammals and in mammalian taxa is complex, which questions whether correcting by body temperature is indeed useful in scaling analyses. For Carnivora, Erinaceomorpha and Artiodactyla (Clarke & Rothery, 2007) , a decrease in body temperature with increasing body mass has been shown, and an increase in all mammals (Griebeler, 2013) , Eutheria (Griebeler, 2013) , Marsupialia (Clarke & Rothery 2007; Griebeler, 2013) and Chiroptera (Clarke & Rothery 2007) . For Insectivora, basal metabolic rate and body temperature correlate positively, while at a lower taxonomic level (subfamily, family) this correlation considerably diminishes (McNab, 2006) .
In this study, we established metabolic scaling relationships for 17 mammalian orders, for Marsupialia, Eutheria and all mammals. Our aims were (1) to identify best scaling models for taxa, and (2) thereby to prove whether a correction for differences in species' body temperature and the shared evolutionary history indeed statistically improves these best scaling models and their biological interpretability.
We therefore used the large dataset from Sieg et al. (2009) comprising 695 mammalian species. It provides information on species' body mass, basal metabolic rate, and body temperature. For 519 of these, phylogenetic information was also available to us. The total dataset of Sieg et al. (2009) was analyzed by Kolokotrones et al. (2010) , and these authors additionally studied a similar dataset from McNab (2008) . The dataset of McNab (2008) , however, has fewer species and fewer body temperatures than the dataset of Sieg et al. (2009) . Nevertheless, both datasets show a large overlap in species.
We performed linear and quadratic (curvature; Capellini et al., 2010; Clarke et al., 2010; Isaac & Carbone, 2010; Kolokotrones et al., 2010; Müller et al., 2012) least squares regression analyses on log-logtransformed data to identify the best scaling relationship for mammalian orders, Marsupialia, Eutheria, and all mammals. In particular, we tested three linear models (slope and intercept are estimated, fixed slope of 0.75 or of 0.67 with an estimated intercept) and one quadratic model for these taxa under four statistical scenarios, yielding a total of 16 models considered for each taxon. The four statistical scenarios were
(1) ordinary least squares regression analysis (OLS) without and (2) with temperature correction, and (3) phylogenetic generalized least squares regression analysis (PGLS; Pagel, 1997 Pagel, , 1999 Freckleton, Harvey, & Pagel, 2002) without and (4) with temperature correction. For each of the studied taxa, we assessed the overall best model out of the 16 models considered from their AICc values. This enabled us to assess whether a correction for phylogeny and body temperature improves the scaling relationship obtained for a taxon, and in the case that a linear model worked best whether its slope supports a ¾ or ⅔ power scaling or none of both. Finally, for each statistical scenario, we explored across orders correlations between their regression coefficients of linear scaling models estimating the exponent, normalization constant, and if applicable of the temperature term. For standard allometric relationships (y = a x b ), a correlation between the exponent and normalization constant is mathematically expected (Gould, 1966; White & Gould, 1965) . Thus, we extended the empirical study of Sieg et al. (2009) who reported correlations between exponents and normalization constants when examining heterogeneous taxonomic levels of mammals. With this analysis, we aimed to figure out the effect of temperature correction on this built-in correlation between exponents and normalization constants in order to disentangle the effect of body mass, temperature, phylogeny and other factors on scaling relationships of studied mammalian taxa.
| MATERIAL AND METHOD

| Dataset analyzed
For our large-scale analyses on scaling in mammalian basal metabolic rate (BMR), we used the dataset on body mass (BM), BMR and body temperatures (T) published by Sieg et al. (2009) . This dataset covers a total of 695 species from 27 orders. We used a subset of 519 species from this dataset for which information on BM, BMR and T was given therein and for which phylogenetic information was also available. The 519 species comprise 17 orders which are represented by at least five species ( Figure 1 ). These were four marsupialian orders (Dasyuromorphia, Didelphimorphia, Diprotodontia, Peramelemorphia), and 13 eutherian orders (Afrosoricida, Artiodactyla, Carnivora, Chiroptera, Cingulata, Erinaceomorpha, Lagomorpha, Macroscelidea, Pholidota, Pilosa, Primates, Rodentia, Soricomorpha). Due to the lack of information on species' body temperatures or phylogeny, we had to exclude ten orders in our analysis covered in the original dataset of Sieg et al. (2009) (Cetacea, Hyracoidea, Microbiotheria, Monotremata, Notoryctemorphia, Perissodactyla, Proboscidea, Scandentia, Sirenia, Tubulidentata).
| Phylogeny of mammals used
For phylogenetic correction, we used the fullest available mammalian phylogeny published by Bininda-Edmonds et al. (2007) . Following Sieg (Wilson & Reader, 2005) .
| Statistical analyses
Four equations linking BMR (log 10 -transformed) to BM (log 10 -transformed) in mammals, marsupials, eutherians, and in each of the 17 mammalian orders are basal to our study. They implement controversial current hypotheses on metabolic scaling in mammalian taxa and refer to empirical approximations (Hulbert, 2014) . In all equations, ε is the error term.
The first equation models a standard linear scaling relationship in which the slope (β 1 ) and intercept (β 0 ) are estimated.
Equation (1) is consistent with observations that the scaling exponent varies between taxa due to differences in species' physiology, environment, and taxonomy (Glazier, 2005; McNab, 2008 McNab, , 2009 Sieg et al., 2009; White, 2010; White et al., 2006) . Two further equations that we used are linear scaling models that either have a fixed slope of 0.75 or a fixed slope of 0.67. Here, only the intercepts are estimated.
Equation (2) models a quarter-power scaling (Kleiber, 1932; Brown et al., 2004; WBE) , and equation (3) a geometric scaling of basal metabolic rate (Rubner, 1883 , surface to volume ratio).
The last equation is a quadratic scaling model.
It models that the scaling exponent is a nonconstant value that increases or decreases with BM (convex curvature with β 2 > 0 suggested by Kolokotrones et al., 2010 for all mammals; concave curvature for
The four equations (1-4) relating log 10 BMR to log 10 BM were basal to our four statistical scenarios. In the first scenario, we used ordinary least squares regression analysis (OLS) to evaluate equations (1) through (4). The respective scaling models applied to orders, marsupials, eutherians, and all mammals are denoted L, L 0.75 , L 0.67 , and C. These assume that neither a correction for their shared evolutionary history nor for differences in T values of species improves the metabolic scaling relationship of a given mammalian taxon. In the second scenario, we used again OLS, but additionally corrected for T. We therefore introduced the term β 3 /T (Kolokotrones et al., 2010) into equations (1) through (4). This resulted in four additional equations and in the four scaling models L T , L 0.75,T , L 0.67,T , and C T . In the third and fourth scenarios, we applied phylogenetic informed regression analysis (PGLS; Pagel, 1997 Pagel, , 1999 Freckleton et al., 2002) instead of OLS to control for a shared evolutionary history of species. Thus, scaling models L PGLS , L 0.75,PGLS , L 0.67,PGLS , and C PGLS using equations (1) through (4) corrected only for phylogeny, whereas L T,PGLS , L 0.75,T,PGLS , L 0.67,T,PGLS , and C T,PGLS using equations (1) through (4) with the temperature term corrected for both phylogeny and differences in T values between species. In total, we considered for each of the 17 orders, Marsupialia, Eutheria, and all mammals four statistical scenarios (OLS without and with temperature correction, PGLS without and with temperature correction) and four equations. This resulted in a total of 16 scaling models tested for each mammalian taxon studied.
For each order, marsupials, eutherians, and all mammals, we identified the overall statistical best out of the 16 models considered by two approaches. First, to rate absolute goodness of fit of models obtained for each of the analyzed taxa we always inspected their residual standard errors. Second, to assess relative goodness of fit of models, we used the corrected Akaike information criterion (AICc; Burnham & Anderson, 2002) values. We preferred AICc over standard AIC values, because sample sizes of some of the studied orders were small (≥5, Figure 1 ; Burnham & Anderson, 2002) . For large sample sizes, there is nearly no difference between AICc and AIC values. We identified the best of the candidate models for a given taxon by model selection and followed the AIC evaluation approach given in Burnham and Anderson (2002) . Therefore, at first, all candidate models were ranked according In our last analysis, we examined correlations between all beta coefficients estimated by models L, L T , L PGLS , and L T,PGLS across orders.
We therefore conducted Spearman rank correlation analysis for pairs of coefficients obtained for all orders studied (slope β 1 vs. intercept β 0 , slope β 1 vs. temperature coefficient β 3 , intercept β 0 vs. temperature coefficient β 3 ). With this analysis, we extended the empirical study of Sieg et al. (2009) on correlations between slopes and intercepts when examining heterogeneous taxonomic levels of mammals to scaling models accounting for differences in species' body temperatures. With this analysis, we aimed to assess whether temperature informed models are able to disentangle the effect of BM, T, and other factors on BMR.
All statistical analyses were carried out in the free statistics software R (version 3.0.2). For curve fittings, we used the packages nlme (version 3.1.111) and ape (version 3.1.4).
(1) log 10 (BMR) = β 0 +β 1 log 10 (BM) +ε (2) log 10 (BMR) = β 0 + 0.75 log 10 (BM) +ε (3) log 10 (BMR) = β 0 + 0.67 log 10 (BM) +ε (4) log 10 (BMR) = β 0 +β 1 log 10 (BM) +β 2 ( log 10 (BM)) 2 +ε = β 0 + {β 1 +β 2 log 10 (BM)} log 10 (BM) +ε Tables S1 through S20 in the Supporting Information. Table 1 lists ∆AICc values of all 16 models considered for each of the mammalian taxa studied and provides information on scaling exponents corroborated by best models.
| RESULTS
| Best models scaling models for mammalian taxa studied
Except for Pholidota and Carnivora, a linear model worked best in terms of AICc for all mammalian taxa studied. In Pholidota, the concave (β 2 < 0) curvilinear scaling relationship worked best and in
Carnivora the second best model (∆AICc ≤ 2) was a convex relationship (β 2 > 0). In terms of residual standard error, a concave curvature was best for Pholidota and Peramelemorphia, and a convex one for Carnivora, Rodentia, Eutheria, and all mammals (Table S1 through S20 in the Supporting Information). For the other 14 taxa studied, the model with the lowest residual standard error had also the lowest AICc value. 
| ¾ or ⅔ power scaling or none of both in mammalian taxa studied
| Correlations between coefficients of models L, L T , L PGLS , and L T,PGLS
Exponents (β 1 ) and normalization constants (10^β 0 ) of models L and L PGLS estimated for orders correlated highly negatively ( Figure 3 ).
Higher exponents resulted in lower normalization constants and vice versa. When correcting for temperature (L T, L T,PGLS ), exponents and normalization constants of orders were uncorrelated, and also exponents and temperature term coefficients (β 3 ). Contrary, normalization
constants and values of the coefficient of the temperature term correlated highly negatively (Figure 3 ).
| Correction for a shared evolutionary history and body temperature of species needed?
For seven of a total of 20 mammalian taxa analyzed, a model correcting for body temperature and the shared evolutionary history of species clearly worked best in terms of AICc. These were all mammals, the Eutheria, the two marsupilian orders Dasyuromorphia and Diprotodontia, and the three eutherian orders Soricomorpha, Chiroptera, and Erinaceomorpha.
For seven taxa, the Marsupialia, the marsupilian order Peramelemorphia, and the eutherian orders Lagomorpha, Pilosa, Cingulata, Carnivora, and Artiodactyla, the best model corrected only for phylogeny, and for the marsupilian order Didelphimorphia and the eutherian order Pholidota, it corrected only for differences in body temperatures between species.
F I G U R E 2 Metabolic scaling in 17 mammalian orders, Marsupialia, Eutheria, and all mammals. Shown are beta coefficients of linear models estimated under four statistical scenarios (L, L T , L PGLS , L T,PGLS ), and their 95% confidence intervals (whiskers). In all panels, the marsupialian and eutherian orders are separated, and marsupialian and eutherian orders are ordered by the average body masses of taxa (median, S21 in the Supporting information). Exact values of regression models are found in Tables S1 through S20 in the Supporting Information. Confidence intervals of estimated slopes, intercepts, and if applicable of the coefficients of the temperature term of models L, L T , L PGLS , and L T,PGLS are also given in the Supporting Information. (a) OLS: ordinary least squares regression analysis without correction for temperature and phylogeny, OLS + T.: OLS with correction for temperature, but not for phylogeny, (b) PGLS: phylogenetic generalized least squares regression analysis (Pagel 1997 (Pagel , 1999 Freckleton et al., 2002) without correction for temperature, PGLS + T: PGLS with correction for temperature. Slope panels: red lines = ⅔ power scaling, blue lines = ¾ power scaling. For the eutherians Macroscelidea, three best models in terms of AICc (∆AICc ≤ 2) were identified. The one with the highest statistical support corrected only for phylogeny, that with the second highest support corrected for phylogeny and temperature, and that with the lowest support for none of both. For the eutherians Rodentia, the best model corrected for both body temperature and phylogeny and the second best only for phylogeny (Table 1) in all eutherian orders, except for Rodentia and Carnivora could be related to their small body mass range covered. Müller et al. (2012) showed that this range should comprise four up to five magnitudes in order to find a slight curvature in mammals.
However, when using residual standard errors to select the best model for a mammalian taxon, a convex curvature worked best for all mammals, but also for Eutheria, Peramelemorphia, Carnivora, and Rodentia. For Carnivora, the second best model in terms of AICc values was also a convex curvature. For all mammals, the difference in AICc values between the best linear model and the best curvilinear model was 32.9, which is a considerable stronger support of the linear over the quadratic model than indicated by their small difference in residual standard errors (0.145 vs. 0.185, Table S1 in the Supporting Information).
Whether the curvilinear scaling of mammalian metabolism is a true pattern is highly discussed. Deficiencies of the analyzed datasets themselves and statistical problems are reasons for this (e.g., MacKay, 2011; Müller et al., 2012; Packard, 2015) . Body masses, metabolic rates, and temperatures of species are often sampled from multiple sources (Packard, 2015) or body mass ranges are not broad enough to resemble the slight curvature (Müller et al., 2012) . Kolokotrones et al. (2010) applied R 2 for model selection, which is incorrect when comparing linear and nonlinear models (Quinn & Keough, 2002) . yield spurious results on the presence and absence of a curvature in these orders. However, in all orders for which a curvature was only indicated by residual standard errors in our study, the difference between the curvilinear and best linear model was small (difference is 0.061 for Peramelemorphia, 0.056 for Carnivora, 0.014 for Rodentia).
The scaling exponents of the 17 mammalian orders studied herein showed a high variability and thus corroborated no single exponent in mammals (Table 1) . Even the orders from marsupials and eutherians had no single exponent (Table 1) . When evaluating all best linear models for mammalian taxa studied (Table 1) , the Soricomorpha had the lowest exponent. It was smaller than or equal to ⅔. A ⅔ power scaling was observed in Dasyuromorphia, Didelphimorphia, and Xenarthra (Cingulata, Pilosa). A ¾ power scaling was seen in Diprotodontia, Lagomorpha, Artiodactyla, and Pholidota. In Peramelemorphia, an even higher exponent than ¾ was indicated. For Afrosoricidea, Erinaceomorpha, and Primates, neither a ⅔ nor a ¾ power scaling was rejected. The Chiroptera and Carnivora could have an exponent higher than ⅔ but not greater than ¾, whereas the exponent of Rodentia could be ⅔ or smaller than ¾. For Macroscelidea, the exponent could be ⅔, ¾ or even higher. For all mammals and Eutheria, an exponent intermediary to ⅔ and ¾ was indicated, whereas in Marsupialia an exponent of ¾ was indicated. Thus, our results contradict previous findings T A B L E 1 ∆AICc values derived for scaling models and statistical scenarios studied for different mammalian taxa. Statistical scenarios and respective scaling models are OLS (L, L 0.75 , L 0.67 Burnham & Anderson, 2002) . For linear models, it is shown which information on the exponent is supported by the bold models for a taxon. For quadratic models, the shape of the curvature is given, that is, whether it is convex (β 2 > 0) or concave (β 2 < 0). N = number of species analyzed; n. that orders dominated by larger species have larger scaling exponents than orders dominated by smaller species (Figure 2 ; Glazier, 2005; Duncan et al., 2007; Clarke et al., 2010) .
Other studies corroborate our results on the considerable variability found in exponents of mammalian orders (Table 2) , although the statistical methods used in these studies are diverse, sample sizes and species composition for orders generally differ between studies, and even the taxonomic status of species could have changed in the meantime. For the comparison of our results with those of previous studies, we always chose our most similar statistical scenario as reference 
T A B L E 1 (continued) ( Table 2) . Overall, only in four cases the slopes of our reference models considerably differed from respective literature values (Table 2 
| Correlations between coefficients of models L, L T , L PGLS , and L T,PGLS
The mathematical interdependence of normalization constants and exponents in simple allometric relationships (y = a x b ) has not been sufficiently appreciated, but makes the biological interpretation of two allometric regression lines problematic, when their exponents differ (Gould, 1966; White & Gould, 1965) . To the best of our knowledge, Sieg et al. (2009) were the only authors who empirically demonstrated this correlation in the last years. As expected (Gould, 1966; White & Gould, 1965) and consistent with Sieg et al.
(2009), our estimated exponents (β 1 ) and normalization constants (10^β 0 ) of models L and L PGLS derived for orders correlated strongly (Figure 3 ). This correlation was considerably stronger under PGLS than under OLS (Figure 3) . PGLS, thus, captures an important source of variation that caused a stronger deviation from the mathematically expected correlation between the exponent and the normalization constant under OLS. This observation corroborates again that phylogenetic informed analysis improves scaling relationships (White, 2011) . When correcting for body temperature (models L T and L T , PGLS ), the correlation between exponents (β 1 ) and normalization constants (10^β 0 ) disappeared, and also no correlation between the exponent and the respective temperature coefficients Predicted exponents of models L T,PGLS matched those reported in Sieg et al. (2009) , the authors applied the identical statistical approach.
Glazier (2005) OLS with temperature correction Figure 3 from Duncan et al. (2007) . The authors studied Xenarthra as a whole, and our study predicts equal exponents for Pilosa and Cingulata. For Dasyuromorphia, the authors could neither reject ⅔ nor ¾, whereas model L PGLS predicts an exponent larger than ¾. For Afrosoricida, the authors observed an exponent of ⅔ or even smaller, and this study could neither reject ⅔ nor ¾, for Didelphimorphia, the authors could neither reject ¾ nor ⅔, whereas this study suggests ¾, for Lagomorpha, Primates, Pilosa, Cingulata, and Artiodactyla, the authors could neither reject ⅔ nor ¾, whereas this study suggests ¾ for Lagomorpha and Artiodactyla and ⅔ for Pilosa and Cingulata. Capellini et al. (2010) (β 3 ) was seen ( Figure 3) . Thus, the introduction of the temperature term removed the mathematically expected correlation between the exponent and the normalization constant, and now the normalization constant and the temperature coefficient might only capture additional sources of variation in BMR besides BM. However, under temperature correction a strong correlation between the normalization constant (10^β 0 ) and the temperature coefficient (β 3 ) emerged ( Figure 3 ). As the exponents and the temperature terms are uncorrelated, the temperature term and the normalization constant could reflect other factors besides body mass influencing metabolic scaling in mammalian orders. On the one hand, this would suggest that differences in body temperature of similar-sized species are the most important factor driving differences in BMRs of similar-sized species and that the Arrhenius approach used by the MTE ) is corroborated. In this case, the small proportion of variability not explained by the temperature coefficient and captured by the normalization constant would reflect differences in other ecological characteristics of species (e.g., torpor, diet, habitat; McNab, 2008 McNab, , 2012 . On the other, the high correlation between the temperature coefficient and the normalization constant could indicate that differences in the ecology of species are linked to differences in body temperature (e.g., carnivores have higher body temperatures than herbivores) and that these are the most important factor driving differences in BMRs of similar-sized species.
| Correction for a shared evolutionary history and body temperature of species needed?
The majority of best models found for mammalian taxa studied by us corrected for a shared phylogeny of species. OLS models clearly worked best in terms of AICc only for Didelphimorphia, Afrosoricida, Primates, and Pholidota (Table 1 ), but we think only for Primates the support of the OLS over the PGLS model reflects a true pattern. Sample sizes of Didelphimorphia, Afrosoricida, and Pholidota were among the smallest of all taxa studied ( Figure 1 ) and λ values estimated by the respective phylogenetically corrected models were considerable smaller or larger than expected from theory (0 ≤ λ ≤ 1, Pagel, 1997 Pagel, , 1999 Freckleton et al., 2002 ; Tables S5, S11 , and S18 of the Supporting Information).
Contrary, for Primates, the phylogenetic signal under PGLS analysis was low and λ was within the expected range (Table S14 of the Supporting Information). Our study thus corroborates that phylogenetic informed analysis improves scaling relationships obtained (White, 2011) .
For ten of the 20 mammalian taxa studied, the best model in terms of AICc did not correct for differences in species' body temperature (Table 1) . For Didelphimorphia, Peramelemorphia, Afrosoricida, Primates, Lagomorpha, Pilosa, Cingulata, Carnivora, and Artiodactyla, this observation is corroborated by the absence of a correlation between BMR and T (Table 3) , whereas for marsupials, not only BMR and T, but also BM and T correlated (Table 3) . Thus, in marsupials the T A B L E 3 Results of Spearman rank correlation analysis on BM, BMR, and T for different mammalian taxa. r s (BMR vs. T) assesses whether body temperatures of species affect their basal metabolic rate; that is, T could potentially account for differences in BMR of species in scaling models correcting for T, r s (BM vs. T) whether T increases or decreases with species body mass or BM has no effect on effect of T on BMR, which is not taken into consideration by the best model, could have been captured by BM. Contrary, in all mammals, eutherians, Dasyuromorphia, and Chiroptera, in which BMR and T as well as BM and T correlate (Table 3) the best model still corrected for T (Table 1) . In these taxa, the correlation between BMR and T is considerable stronger than between BM and T, except for Dasyuromorphia (Table 3 ). In Dasyuromorphia, both correlations are similarly strong, which is consistent with the observation that the best model correcting for species' body temperatures is only moderately supported over the model ignoring body temperature differences of species (Table 1) . In Soricomorpha, the presence of the temperature term in the best scaling model (Table 2) is corroborated by the strong correlation between BMR and T (Table 3 ). In Diprotodontia, Macroscelidea, Erinaceomorpha, and Pholidota, the best model also corrected for T (Table 2) , but the correlation analysis indicated that BMR and T are uncorrelated ( Table 3 ). The latter could be due to the small sample sizes of orders which hampers the statistical detection of weaker significant correlations (Table 3 ), but also due to model overfitting. For
Erinaceomorpha, even the correlation between BM and BMR was not significant. For Rodentia, the best model corrected for temperature, but the second best (∆AICc = 1.2) not, which is consistent with the absence of a correlation between BMR and T (Table 3) .
| CONCLUSIONS
Our analyses corroborate previous studies that reject a single scaling exponent in mammalian taxa (Capellini et al., 2010; Clarke et al., 2010; Duncan et al., 2007; Isaac & Carbone, 2010; McNab, 2008; Müller et al., 2012; Sieg et al., 2009; White & Seymour, 2004) . They corroborate that phylogenetic informed analysis improves scaling relationships obtained (White, 2011) . Correcting for differences in species' body temperatures removed the mathematically built-in correlation between the scaling exponent and the normalization constant of standard scaling relationships (y = a x b ; White & Gould, 1965; Gould, 1966) , but the biological interpretation of the normalization constant and the temperature coefficient is still problematic as both strongly correlate at least in the studied mammalian taxa. In 14 of 20 taxa studied BMR and T did not correlate, which questions the need of a temperature correction for these taxa. In six taxa, T correlated with BM positively or negatively. This hampers a disentangling of the effect of BM and T on BMR, and an interpretation of how T and other factors besides BM influence the scaling of BMR in any mammalian taxon.
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